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TECNICO Learning open-loop saccadic control of a 3D biomimetic eye
v using the actor-critic algorithm
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Showing difference between responses
to the trained pulse-step signal (solid
traces) vs a simple step signal (dashed),
for 10°, 20° and 30° oblique saccades
after training (300k episodes).
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Generated 3D saccades with human-like characteristics from

optimizing accuracy, duration, energy, fixation force and overshoot.
« Our results emerged without imposing any constraints.

* In future, we wish to apply the method to a more realistic robotic
eye with 6 independently actuated muscles.
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